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Introduction 1
ElSalario is the Spanish name of Argentina´s WageIndicator site. It is one of the more than 40 WageIndicator websites in the world. The core of these websites is the so-called Salary Checker, which provides free, reliable information on average wages earned in an occupation in a country, taking into account the different individual factors affecting them. 2 According to the human capital theory, each worker´s earnings consist of two additive components: raw labor and human capital. Raw labor refers to the initial earnings capacity of each individual before the acquisition of any human capital. Human capital is the result of education and labor experience.
Other factors which affect earnings are gender, experience, responsibility within the firm´s hierarchy and size of the firm.
These concepts have been operationalized through the so called Mincer earnings equation.
A type of Mincer earnings function is used in the estimations of the WageIndicator salary checker:
Log w = a + b edu + c sup + d exp + e (exp) 2 sz + f gen + ε where w stands for wages; edu, for level of education; sup, for supervision; exp, for years of experience; sz, for firm size, and gen, for gender; edu, sup, sz and gen are dummy variables.
The coefficients b,c,d,e are semi-elasticities, i.e. d log (w) = b d edu where b measures the proportional change in w when edu changes in one unit.
Most of the analyses on the Mincer earnings equation have dealt with the values of the slopes but little attention has been paid to the intercept values. This is easily understandable: the main interest has primarily been focused on the effects that variables like education, tenure, gender, etc. exert on the level of wages.
However, the value of the intercept has its own interest.
1
The authors are indebted to Luis E. Campoverde for his cooperation in this research.
2
For an explanation of the economic model underlying the WageIndicator salary checker see Beker, V.A., (2008) . The economic model underlying theWageindicators salary checks. Buenos Aires, Universidad de Belgrano, at http://www.wageindicator.org/documents/publicationslist/publications_2008/080820-VictorBeker%20-%20Salary-check.pdf
The constant a is related to the initial earnings capacity. This capacity is given by innate ability, understood as a time invariant level of skills that exists prior to the start of the human capital accumulation process.
In a cross section of individuals, the error term typically can be interpreted as capturing the unmeasured differences in innate ability among individuals. So, if we call w 0 the average earnings power of an individual with no human capital at all -one endowed with only raw labor-, and putting aside for a moment the rest of the variables, it can be approximated by w 0 = exp(a + 0,5σ 2 ) where σ 2 is the mean square error of the regression. Thus, a is the deterministic core of raw labor average wage.
It is an open question whether that raw labor deterministic component of the wage has a specific value for each occupation or not.
In the literature it is usually assumed that individual-specific differences affect the intercept. It is common in economic models of the labor market to assume heterogeneous innate abilities, which influence the marginal product each worker produces. So, in principle it should be expected to find also differences in the estimates of the intercept among different occupations.
However, this was not the point of view in the early classics.
From Adam Smith to Karl Marx
As is well known, for Adam Smith and David Ricardo -Smith´s immediate follower-labor embodied in commodities was the primary determinant of prices. The number of hours labor that a good can be exchanged for constituted its inherent worth for them.
Marx follows Smith´s and Ricardo´s contributions but introduces the distinction between simple and skilled labor.
We can find here a remote antecedent of today´s distinction between raw labor and human capital.
In Marx´s theory of value, skilled labor is computed as a multiple of simple labor. As the source of exchange value, all labor is reduced to simple homogeneous labor.
¨Skilled labor counts only as simple labor intensified, or rather, as multiplied simple labor, a given quantity of skilled being considered equal to a greater quantity of simple labor.¨ (Marx, 1967, p. 44) .
Wages are determined by the cost of reproduction of the labor force measured in units of simple labor. The labor force is viewed as a quite homogenous commodity. So, the unskilled labor force should have the same value notwithstanding the sector of the economy where it is employed.
The human capital theory
It has been argued that the concept of human capital can be traced to the founder of economics: Adam Smith. He defined four types of fixed capital; one of them was human capital. 3 However, the human capital theory as such has been developed in the last 50 years.
Modern labor economics point of departure has been the observed fact that earnings are not uniform across the population but differ for various demographic groups. For instance, women earn less than men; earnings increase with age, but at a decreasing rate. In addition, wages rise with education yet they vary across occupations.
This led to view labor as a conglomeration of heterogeneous human beings each differing in on-thejob productivity. Since education and training reflect labor quality, human capital theory developed to study how society invests to enhance worker quality, and hence worker productivity. Mincer (1958) was the first to employ prominently the term human capital in his seminal paper devoted to develop this new approach to earnings distribution.
Human capital theorists concentrated on the variation in earnings within labor as a whole. 4 The Mincer earnings equation was the main econometric tool for that analysis.
Adding dummy variables to the basic Mincer earnings function allowed getting estimates of earnings differences across each category. So, the basic Mincer earnings function was modified to incorporate region, union membership status, city size, gender, ethnicity, tenure on the job, and a host of other factors that could affect earnings.
Some alternative approaches
Labor economists have started to pay particular attention to the introduction of heterogeneity in the slopes of the wage equation. Because variables such as gender and race are often correlated not only with earnings but also with schooling and experience, the original Mincer earnings function parameters need not accurately reflect those of the entire population. As such, earnings function parameters can differ by race, gender, or location. For example, some studies have found the schooling coefficients to be larger for women.
3 "Fourthly, of the acquired and useful abilities of all the inhabitants or members of the society. The acquisition of such talents, by the maintenance of the acquirer during his education, study, or apprenticeship, always costs a real expense, which is a capital fixed and realized, as it were, in his person.¨ Smith (1776), Book 2.
Correlated random coefficient wage regression model is the term used to refer to the standard Mincer wage regression model where all coefficients are individual specific. Papers devoted to specification and estimation issues surrounding a random coefficient model of the wage regression include Vitlacyl (1998, 2005) , Wooldridge (1997) , and Angrist and Imbens (1994) .
Testing the intercept with data for Argentina
As stated before, Elsalario is the Spanish name of Argentina´s Wage Indicator site. From mid-2006 to March 2007, 4.830 surveys were completed. The data were processed using OLS. The results were used for the Argentinian salary checker 5 .
Using 85 equations -each for everyone of the 85 occupations-a test was carried out in order to test if the estimates of the intercepts did or did not differ significantly.
Methodology
We have the following two equations:
Equations 1 and 2 are earnings functions for two different occupations, A and B. Here, w A and w B are the log hourly gross wages for each occupation, α and β are intercepts, and F A and F B are linear functions on the explanatory variables; frm2 and firm3 are dummy variables representing different firm sizes. The corresponding error terms, ε A and ε B , are assumed to be normally distributed with zero mean and variances, σ A and σ B .
In this setting we wish to compare the intercepts from the two equations; more precisely, we wish to test the hypothesis that α is equal to β. In order to do this, we estimate first the two equations using Ordinary Least Squares, OLS, to obtain a and b, the OLS estimators of α and β. Here we have that,
that is, a and b are normally distributed with means α and β respectively, and variance σ a 2 and σ b 2 . The variances σ a 2 and σ b 2 are unknown and have to be estimated; we employ the usual estimator to get s a 2 and s b 2 , the estimated variances of a and b.
We can now construct the test statistic, t, which will allow us to test the hypothesis that α is equal to β:
This test statistic follows a Student's t-distribution with n+m-2k degrees of freedom (k-1 being the number of explanatory variables, so in our case k equals 9). Under the null hypothesis α equals β so we are left with The previous analysis was applied to a group of 85 occupations. So we had a total of 3.570 pair wise comparisons, that is, compared each occupation to all the remaining occupations, performing a total of 3.570 hypothesis tests.
Results
We had a total of 4.830 observations distributed among 85 occupations. The number of observations differs among occupations, with a minimum of 23 and a maximum of 484, the average being 57.
For each occupation we estimated the regression equation presented as (1) or (2) obtaining a total of 85 intercept terms with its corresponding standard errors. These results are presented in table 1 ordered by the coefficient's value.
Results from the hypothesis tests are shown on table 2. In order to simplify the presentation we will not show the results from each test, but instead we show for each occupation, in percentages, how many times the null hypothesis of equal intercepts was rejected. Column 1 in table 2 shows, in percentage values, how often the null hypothesis was rejected at a 10 % confidence level, and column 2 shows, in percentage values, how often the null hypothesis was rejected at a 5 % confidence level.
Results presented in table 2 show that, among most occupations, intercept terms do not seem to statistically differ from one another. Exceptions are, for example, Power production plant operators whose intercept term appears to differ from those of roughly 80 % of the other occupations, or IT applications programmers whose intercept term seems to differ from those of roughly 70 % of the other occupations.
However, the intercept seems to be homogenous for most of the occupations. What does it mean?
It seems to indicate that labor heterogeneity stems from factors like education, tenure, gender, etc. while raw labor is basically homogenous. The differences in innate ability among individuals are randomly distributed and mostly captured by the error term.
That is to say that once factors like gender, education, tenure, ethnicity, etc. have been taken into account there remains -for most of the occupations-a homogeneous substratum of raw labor.
The exceptions seem to rely on some occupations which require some special skills (Power production plant operators, surgeons or IT applications programmers) or a particular profile (Secretaries), both of which have as a prerequisite a particular innate ability. This special innate ability commands a premium over the rest of the occupations as reflected in the intercept values.
The cases of Brazil and the United Kingdom
Meusalario is the Portuguese name of Brazil´s Wage Indicator site. The same procedure applied for the Argentinian salary checker was used to process the Brazilian online survey.
The regressions were calculated for a total of 173 occupations out of 28.432 filled online questionnaires. A test was also carried out in order to verify if the estimates of these intercepts did or did not differ significantly.
As shown in Table 3 , the results coincide with the ones obtained for Argentina. In the great majority of cases the intercepts do not differ significantly.
Again, the exceptions have to do with some occupations which require some innate ability like General Practitioner or aircraft pilots, or are highly qualified, like civil or mechanical engineers.
Finally, the same analysis was done with the data used for the U.K.´s Wage Indicator site. The results coincide with the ones obtained for Argentina and Brazil. Moreover, in the case of the U.K., only 7% of the occupations show an intercept which significantly differs from the rest (see Table 4 ).
Some implications
The results obtained using the Wage Indicator data for Argentina, Brazil and U.K. favor the hypothesis of homogeneous innate abilities.
If so, it means that, on a basis of an essentially homogeneous raw labor, heterogeneities are mainly built through the education process and the accumulation of experience.
The fact that innate abilities are homogeneous may have important consequences from the economic point of view.
For instance, Galor and Zeira (1993) developed a model to analyze the direct effects of inequality on human capital accumulation and economic performance in the presence of imperfect capital markets. Assuming that human capital investment is indivisible, they showed that initial income distribution can affect output and investment in the long run. They assumed that individuals have identical innate ability and as a result, in their model different patterns of distribution are conducive to better economic performance. In other words, more equal income distribution does not necessarily imply better economic performance.
On the contrary, assuming heterogeneous innate abilities, Chiu (1998) showed that a more equal originating distribution implies a higher steady-state output level. Assuming that receiving a certain level of education is essential in having one's innate ability fully developed and used, he showed that greater income inequality can imply lower human capital accumulation and deterioration in subsequent generations' distribution of initial income. This is just one example on how the fact that innate abilities be homogeneous or heterogeneous may lead to opposite conclusions. 
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